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Abstract
Small and medium-sized enterprises (SMEs) in developing countries are facing a huge financial gap, especially in Nigeria, where SMEs contribute 84% of employment but have a funding gap of N 1 trillion. SME exchange boards are an important means for these SMEs to obtain funds through equity financing. This paper hopes to identify the most important factors (liquidity, market capitalization, etc.) that promote the contribution of SME boards to the development of SMEs with Nigeria as the main object of analysis. After that, various machine-learning methods including multiple regression, LASSO, and RF will be used to determine the importance of the different factors and PCA will be used to corroborate. Finally, the Random Forest approach is proved to be the most appropriate model, and sensitivity analysis for “Listing Fee” and “DA” will be completed to find the appropriate range of parameter values.
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Introduction
Small and medium-sized enterprises (SMEs) financing is currently a concern worldwide, especially in emerging markets. For example, it is estimated that SMEs in Africa provide approximately 80% of employment. Because of their low credit and small size, banks often have various constraints for SMEs’ finance. That’s why the equity markets become an increasingly important financing way, that many governments pay attention to. There are more than 20 stock boards focusing on SMEs around the world, such as the Beijing Stock Exchange in China and South African Altx, established by the most mature JSE in Africa. These boards are set to support SMEs’ development through relatively relaxed listing requirements and to provide easier opportunities. Different countries’ boards are in significantly various developing stages, and we will use Africa’s largest economy Nigeria, with its SME board “Growth Board”, as a lens to see the importance and problems of existing SME boards.
SMEs in Nigeria contributed 49% of the GDP and 84% of employment (PwC, 7). Although playing a huge role in employment, economy, and social stability, Nigerian SMEs are experiencing a huge financing gap, reaching N 617.3 billion annually before COVID-19. And according to the managing director of the Bank of Industry Olukayode Pitan’s estimation, this gap is even about N 1 trillion now. 
As more SMEs face problems to get funding from banks, policymakers are now increasingly recognizing that public equity is a significant financing alternative for SMEs, and that’s why the Growth Board was set, which provides listing opportunities for companies with a market capitalization of less than NGN 500M.
The Growth Board sets no profitability requirements, assigns professional advisors for every owner, and only requires a low free float rate, thus providing SMEs with a friendlier platform for raising capital. In addition, according to the official handbook of the Growth Board, many SMEs in Nigeria have received VC investment, and even C-series fundings account for 64% of their total funding sources (4). This should have provided a good funding basis for SMEs to go public. However, despite these benefits, the Growth Board has only six listed companies currently. This clearly shows that the Nigerian SME Board is still not functioning as expected, and SME owners are worried about going public. 
The main reason for this situation is that foreign investors account for the majority of Nigeria's VC, but the local stock market has many restrictions on foreign investors (Egwuatu). Besides, even domestic institutional investors are increasingly choosing European and North American stock markets because of the poor liquidity of the Growth Board. The lack of investors creates low liquidity, which in turn reduces the confidence of SMEs to go public, forming a vicious circle. This is precisely the reason why last SME Board, ASEM, which is the board before the Growth Board, was canceled: low liquidity and a lack of interest from SMEs. Similar problems also happen in Kenya and Botswana, where less than 5 companies are tradable on their SME boards. Therefore, the questions of how to find the factors that contribute to the success of an SME board, and how to promote the learning experience of different countries’ SME boards, become the focus of the issue. To find out these significant questions, this comparative analysis of the 19 SME boards around the world is conducted, using machine learning methods of PCA, LASSO regression, and Random Forest.
Institutional background
Stock exchanges are not the only financing way for SMEs, but more and more countries find that other alternatives are becoming less helpful. For example, there are already various institutions in place to support SMEs in Nigeria, like the National Microfinance Bank. However, banks may not be the best solution to the current problem, as can be seen from the fact that lending to SMEs was only 5% of total commercial bank lending (African Business). What’s more, due to their financing constraints toward SMEs and the poor implementations of existing support programs, banks, the SMEs’ “most important” financing channel, have even been proven by several papers to have no positive impact on SME development (Obieche and Ihejirika, 40; Ibrahim, 29). This doesn’t only happen in Nigeria. According to Schellhase and Woodsome, more banks have curbed their lending to SMEs in the wake of the global financial crisis (1). And IFC estimates that in developing countries, SMEs’ credit gap has exceeded 25% of their total credit. 
Stock exchange especially for SMEs needs to play a more important role in the current situation, but many existing barriers are limiting SMEs from going public. For example, even in Kenya, which is famous for its high-growth tech start-ups in Africa, only 13% of SMEs have an annual growth rate larger than 10%, which cannot fully satisfy investors’ return expectations. Exploring key factors for SME Board’s success, helping more SMEs go public and investors get a decent return, may be helpful to the existing problems.
Literature review & Variable explanation
Eight potential factors are discussed here to be the independent variables, and a measure of SME performance is the dependent variable. The reasons why each factor is seen as necessary, as well as the related sources, are described in this section. 
1. Liquidity (Turnover Ratio)
According to Maher and Andersson’s paper about the effect on firm performance, which is published on SSRN, “Insider systems, characterized by small and illiquid public capital markets……, can impinge upon the development of a vibrant and thriving SME sector” (20). Similarly, in Schellhase’s paper comparing different SME boards, the turnover ratio, which is the trading value in a specific period, over the average market capitalization during that period, is used to represent the liquidity of the board (10). As the largest problem Growth Board is facing, this factor is necessary. 
The Turnover Ratios are shown below, and we can see that different boards have very different ratios. This ratio is highly correlated with the number of listing companies. For example, for those whose ratios are almost zero, they usually don’t have more than 10 companies. But for Thailand MAI whose ratios exceeded 100%, this number is 235.

	Figure 1: Turnover Ratios (Liquidity) of 13 SME Boards
2. Number of Listing Companies
According to Peterhoff, Romeo, and Calvey’s paper in 2014, SME boards must have at least 100 listings within five years after they are established, to become sustainable (6). Of course, not all boards meet this requirement, but some SME boards are subsidized by the main exchange, so these boards do not necessarily have to be self-sufficient. That’s also why that paper is challenged. Therefore, the number of listing companies could be put into the model to test the significance.
3. Profit Requirement
Most SME boards don’t have a mandatory requirement for profit. For example, both South African Altx and Nigerian Growth Board do not require any record of pre-tax profits, given the potential profitability difficulties of startup companies and the existence of the "valley of death". But some relatively large SME boards like Thailand’s Alternative and Chinese BSE do have profit requirements. The requirement can be set as a dummy variable in the model, testing whether it has a positive impact on SME boards.
4. Mandatory Advisor
According to Ozturk’s paper, which ranks 27 in SSRN, “Investment in human capital can have little impact on growth unless people can use education in competitive and open markets” (3). This reflects the dilemma of developing countries like Nigeria: Although the government provides different platforms of programs for SME owners, lack of knowledge and experience made those owners unable or even have no idea about access to these funds. Basic financial education for SME owners is essential. As a result, 13 of the 19 SME boards in this paper have a requirement for SMEs to appoint a Listing Advisor, who will accompany the company throughout the listing period and provide professional support. They can offer listing education to SME owners but will also be seen as a burden who need high pay, so exploring whether this dummy variable will influence SME performance is valuable.
5. Time of existence
19 boards were established between 2006 and 2021. Factors like experience in dealing with listed companies and past cases will affect the company's listing experience on the board and even its future performance. However, since the year (Y) itself is an ordered categorical data, we convert it to 2023-Y, which is the number of years that have passed since its establishment.
6. Market Capitalization
Among the SME boards, there is a huge difference in size, from $7 million in Tunisia to $14,818 million in Thailand. The total size itself will cause different characteristics of various markets, and also has a strong correlation with factors like liquidity. Therefore, this factor may be merged with others when we use PCA to do the dimension reduction.
7. Listing Fee
[bookmark: OLE_LINK21]Both Kenya’s Growth Enterprise Market Segment and China’s BSE have announced to waive the initial application fee of the SME boards. For vulnerable and underfunded SMEs, an appropriate listing fee is an important factor. What’s more, the listing fee is the advantage of Growth Board over other boards. Among all 15 sets of available data, Growth Board’s $570 listing fee is the second lowest. There may still be spaces for Growth Board to improve itself, such as the categorical charging methods mentioned by Egwuatu, which is believed to be able to attract more SMEs for NSE. 
8. Capitalization of Main Board
SME Boards are usually set up and funded by Main Boards, and companies listed on them can also graduate to main boards if they meet certain requirements. Some countries (such as Malawi and Zambia) even display all companies on two boards Indiscriminately on their official websites. In one word, the size of the main board affects the size of the affiliated Board, which is why the Market Capitalization of Main Boards is also added to independent variables.
Dependent Variable
	For the dependent variable, Ovat uses SME’s performance over GDP in the paper “Commercial Banks' Credit and the Growth of Small and Medium Scale Enterprises: the Nigerian Experience” to get an indicator to measure the SME’s contribution to the country (26). Similarly, the ratio of SME value added over GDP is also used as the dependent variable in this paper, showing the SME’s performance. SME stock indexes themselves were also considered before, but this may cause the problem of sample selection bias: when we choose the SME board indexes, we automatically ignore those SMEs that don’t go public, which are actually the majority. Besides, I also tried the SME’s financial gap over GDP as the dependent variable, but the R squares for most regressions were not satisfying (lower than 50%). So, the SMEs’ contribution to GDP is finally chosen.
Data
The data mainly comes from the SME board website. All of the boards offer listing requirements, where information about listing fees, time, and advisors can be found. Most of them have the basic statics on the websites like total market capitalization and turnover ratio. The picture below is one example of the statistics on the website of Thailand’s SME board: Market of Alternative Investment.
[image: 图形用户界面

低可信度描述已自动生成]
Figure 2: Turnover Ratio of Thailand’s Alternative Investment Market 
For those boards without such statistics, I found the market capitalization of all listing companies (average of the beginning and the end of the year) and added them up. And then, the traded values during the period of one year can be found in the annual report and be used as the nominator. The formula is as below:

After getting the original data, the translation was done because some boards only report in the local language. And then all of the currency units were changed into USD for the convenience of comparison. Some facts are shown below
The median of total market capitalization is $436.4 million, and the median of listing company numbers is 32.5. The free float rate, which means the minimization of the percentage of shares that the listing company must sell publicly, is shown below. We can see that 50% of the boards have a free float requirement of 10%, and there are only two boards with more than 25% free flout rates.

Figure 3: Free Float Rates for SME Boards
Besides, only three boards have the profitability requirement for SMEs, which fits the mission of SME boards to support start-ups. As for the listing fee, which is a significant concern of SME owners, Kenya has the highest fee, while Tunisia’s fee is the lowest (Application fees for China’s BSE are waived, but companies entering it typically have already been listed once on more junior boards). Kenya announced a reduction of its listing fee in 2017, but the efficiency is not as satisfactory, and its fee is still the highest among the 19 boards.

Figure 4: Listing Fee ($) of 11 SME Boards
Methodology and Results
In this section, three different models will be used to determine the most important factors for a successful SME board. And then PCA will be used to consolidate the conclusion. All these four methods are also mentioned and supported in Liu et al.’s paper about the usage of machine learning in economic growth (3). 
To deal with the problems of small samples, k-fold cross-validation is leveraged when dividing the training group and testing group. In case different methods don’t converge in the conclusion, we use mean absolute error and variance as two metrics to compare different models, and determine the most proper model to use.
Multiple Regression
Firstly, 10 boards with all important factors available are chosen. And then the multiple regression for 8 factors is done. The reason I didn’t choose more factors is that the number of factors will exceed the number of samples. So, we just pause and continue with the regression of all samples together.
[image: ]
Table 1: Data of the Models
The results of multiple regression 1 are as below:
[image: ]
Figure 5: Results of the Multiple Regression 1
We find that the coefficients of many factors are so small, and that is because many factors’ units are much larger than the dependent variables. Therefore, the “log” function is used to check the ratio relationship. And also, Turnover ratios and SME/GDP can also be written as the number instead of the percentage (that is writing 0.45 as 45 directly, aiming to close the gap between absolute numbers).
After those modifications, we do the updated multiple regression 2.
[image: ]
Figure 6: Results of the Multiple Regression 2
For multiple regression 2, we find that the coefficient of large-unit factors like capitalization and main board capitalization increased much. From the t-stats, we can find that the significant factors are: Number of Companies, Listing Fee, Year, and Market Capitalization of SME Board. We can see that the adjusted multiple regression tells us that the significant factors are mainly about the scale, maturity, and constraints to going public. A board with a large scale tends to increase SME owners’ confidence to raise money. And reducing the difficulties of SMEs to go public, like making the listing fee lower, will also help boards attract SMEs and improve their performance.
In order to compare better with later methods such as LASSO and find a more suitable method. We want to measure the results of the model with both Mean Absolute Error and Variance. Since it is difficult to divide a small sample set of only 10 samples into training and testing groups, we use k-fold cross-validation, using only one sample at a time as the test group, and repeated this process ten times. This allows us to measure the performance of the model using the average MAE and Variance of the 10 groups.
After 10 groups of training and testing, the average MAE of multiple regression is 4.55, and the average variance is 162.19.
In addition, we can find that the R-square is very high. On the one hand, this shows that our factors explain much of the problem, but on the other hand, this is also because we have too many factors and a relatively small size of samples. And that’s why methods of LASSO and PCA are conducted next.
LASSO Regression
LASSO is a supervised learning method that deals with overfitting, with it, parts of the bias will be given up to exchange for a little variance. And the result is that we can efficiently cut some insignificant factors by forcing their weight to be 0, only leaving the important ones. With LASSO’s help, we have the new results:
	Factor
	Coefficient

	#Com
	-0.07

	Turnover
	-0.01

	Fee
	-2.92

	DA
	0

	Profit
	0

	Year
	0.80

	MainCap
	-0.66

	Cap
	2.33


Table 2: Coefficients of LASSO Regression
We can see that the results basically match the multiple regression: some less significant factors are removed like whether there is a DA requirement and profit requirement. Most of the factors that are significant in multiple regression like capitalization and listing fee are still large coefficients in LASSO. But one exception is for the number of companies with high t-stat in the multiple regression. Although it is not removed in LASSO, its weight is relatively low. To compare the two methods, we do the k-fold cross-validation again. The LASSO’s average MAE is 9.39, larger than multiple regression, and its variance is 135.81, smaller than multiple regression. This makes sense because LASSO sacrifice bias for little variance.
Random Forest
Then we move to the Random Forest (RF) to make the prediction, which can deal with the non-linear relationship. Different from the random tree, due to the method of random selection and average calculation, the Random Forest reduces overfitting and is more suitable for this paper.
We use the average of the attribute feature_importances_ to find the importance of each factor. Because the relationship is non-linear and the problem is solved by random forest this time, we don’t have coefficients. The importance of each factor is as below:
	Factor
	Importance in RF

	#Com
	2.76

	Turnover
	0.46

	Fee
	3.47

	DA
	0.05

	Profit
	0.21

	Year
	0.74

	MainCap
	0.81

	Cap
	1.55


Table 3: Significance of Random Forest
The results match the LASSO and multiple regression to some extent. For example, for listing fee and capitalization which are both significant in the two former methods, they still have high weights in RF (3.47 and 1.55). And the factors that are not significant in the two former methods like Profit and DA are still not significant here. What’s more, for #Com which has a low weight in LASSO but high significance in multiple regression, its importance is also high in RF.
The Random Forest’s average MAE here is 8.93, larger than multiple regression but smaller than LASSO, and its variance is 13.78, the smallest of the three methods. The RF method dominates the LASSO, and has a moderate MAE. What’s more, because of the characteristics of RF that they are made up of many weak classifiers that are trained completely independently, the overfitting problem is also less likely for RF than for multiple regression. So, the RF method is chosen as the most appropriate model.
	Model
	MAE
	Variance

	Multiple Regression
	4.55
	162.19

	LASSO
	9.40
	135.81

	Random Forest
	8.93
	13.78


Table 4: Two Metrics for Three Models
PCA
Principal component analysis (PCA) is useful to combine some highly correlated variables and find the most explanatory factors, conducting dimensionality reduction. Using this method, we can also find out the importance and correlation of factors.
We cannot use the method of comparing the error and the variance of PCA with other models because PCA is an unsupervised learning method used in dimension reduction. So we use it to confirm the results given by the former three models. 
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描述已自动生成]PCA aims to make the eight factors into some components, combining some highly correlated ones. After standardization and fitting, the number of components, N is respectively set from 1 to 8. To achieve the goal of dimension reduction, we find the smallest number of components that can explain more than 90% of the total variance.[image: 图表, 折线图

描述已自动生成] According to Figure 7, the number of components chosen is five (explaining 93.4% of the variance).
Figure 7: Components Eigenvalue in PCA (2-5 components) 
Figure 8 is a visual matrix made to see how the new components relate to the original variables. Component 0 is mainly correlated to Capitalization; Component 1 is related to listing fee and the year of existence; Component 2 is strongly correlated to the capitalization of the main board; Component 3 is again about the year of existence; Component 4 is about DA requirement and the MainCap. Besides significant factors we talked about before like capitalization, listing fee, and year, the dummy variable DA plays a more important role in PCA’s component 4. And the significance of #Com is not represented in the PCA model. 
[image: ]
Figure 8: Visualization of PCA Result 
Results and Suggestions
	Comparing the four methods, most of the conclusion match with several exceptions. Models like LASSO and reduction focus more on reducing factors and making a smaller variance, while Random Forest deals with the non-linear relationship. As the metrics comparison made in the RF section, we choose RF as the most proper model and use PCA to consolidate it. 
The final result is that listing fees, number of companies, and capitalization are the most important factors for the success of the SME board. And turnover ratio is not as significant as we thought, maybe it is because the variance of the samples’ turnover ratios is large or the liquidity itself is highly correlated with capitalization and the number of company (that’s also why PCA combine it into component 1 with capitalization mainly). Furthermore, the dummy variable of profit is not significant in the four models, and the reason may be most of the samples have “1” in this factor. But in multiple regression 2, the coefficient of profit is -44.9, which makes sense because the profit requirement increases the difficulty of going public.
	Factor
	Multiple Regression
	LASSO
	Random Forest (Importance Rank)
	PCA (significant in n components)

	#Com
	t-stat > 1.96
	kept
	2
	

	Turnover
	
	kept
	6
	

	Fee
	t-stat > 1.96
	kept, coefficient > 2
	1
	1

	DA
	
	removed
	8
	1

	Profit
	
	removed
	7
	

	Year
	t-stat > 1.96
	kept
	5
	2

	MainCap
	
	kept
	4
	2

	Cap
	t-stat > 1.96
	kept, coefficient > 2
	3
	1


Table 5 Significance of Factors Based on Four Models
Besides general suggestions of expanding the scale of the SME board and reducing the listing fee, a sensitivity analysis may give more quantitative suggestions. Because the listing fee can be set subjectively by the board (unlike the capitalization of all the listing companies that cannot be decided by the board), we first do the sensitivity analysis for Nigerian Listing Fee using Random Forest. The partial results are as below:
	
	Listing Fee
	Predicted SME/GDP (%)

	Nigeria 1
	0
	44.78

	Nigeria 2
	50
	44.78

	Nigeria 3
	100
	42.40

	Nigeria 4
	150
	42.40

	Nigeria 12
	400
	42.40

	Nigeria 21
	570
	41.46

	Nigeria 26
	1070
	41.46


Table 6 Sensitivity Analysis of Nigerian Growth Board Listing Fee
	Since we use the “log” listing fee to modify the data so that the difference between dependent and independent variables will be smaller, the result of the sensitivity report will be based on range. For example, from the current $570, if the Growth board increases its listing fee to $1070, based on our model the predicted SME/GDP will not change. But if the listing fee is reduced to $400, the SME/GDP will become higher (from 41.46% to 42.4%), and if it is further reduced to $50, the performance will be better (44.78%). And we can see that in our RF model, even if the listing fee is canceled, the performance will still be the same as the $50 fee. Then we do a similar analysis for the requirement of a designated adviser.
	
	Predicted SME/GDP (%)

	Thailand 1
	38.95

	Thailand 0
	38.73

	India 1
	30.37

	India 0
	30.47

	Malaysia 1
	38.72

	Malaysia 0
	38.67

	Mauritius 1
	43.23

	Mauritius 0
	43.05

	Jamaica 1
	42.42

	Jamaica 0
	42.24

	Nigeria 1
	47.35

	Nigeria 0
	47.21

	Ghana 1
	54.16

	Ghana 0
	54.03

	Poland 1
	30.51

	Poland 0
	30.50

	South Africa 1
	38.06

	South Africa 0
	37.89

	China 1
	39.88

	China 0
	39.92


Table 7 Sensitivity Analysis of Requirement of DA in 10 Countries
	The results show that in all of the countries’ SME boards except India and China, the existence of the designed advisor will be helpful to increase SMEs’ contribution, proving the importance of the listing information and education for SME owners.
Conclusion
SMEs in developing countries such as Nigeria have major contributions to employment and GDP, but at the same time face a huge financial gap. SME stock exchange boards like the Nigerian Growth Board are an important way to solve this problem. This paper evaluates the success factors of SME boards by multiple regression, LASSO, and Random Forest, and it uses PCA to validate and consolidate the conclusion. The conclusion is that capitalization scale, number of companies, and listing fee are the most important factors for SME boards. In particular, the sensitivity analysis for Nigeria proves that maintaining the relative advantage of the low listing fee and further reducing the listing burden of SMEs is conducive to further stimulating the development of SMEs; The mandatory allocation of advisors is also conducive to the listing of SMEs. At the same time, although liquidity is less important in each model, this may be due to the large extreme differences in the sample data. Growth Board should still pay attention to increasing the confidence of more SME owners to obtain funding by improving liquidity. This research is not only beneficial for the existing SME boards but will also shed light on other countries when they consider the need to establish new SME boards in the future.
The small sample size is the limitation of this paper, mainly because there are only about 20 SME boards in the world. This paper has used K-fold cross-validation and simulation + sensitivity analysis to solve this problem. In the future, extending the virtual sample size with more complex simulations (e.g., simulating 8 factors together) should also be considered. In addition, time series analysis for different samples is also a potential approach if time series data for each board is available.
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Method: Least Squares F-statistic: 6.788
Date: Sun, 09 Apr 2023 Prob (F-statistic): 0.289
Time: 13:59:31 Log-Likelihood: 27.604
No. Observations: 10 AIC: -37.21
Df Residuals: 1 BIC: -34.49
Df Model: 8
Covariance Type: nonrobust

coef std err t P>t [0.025 0.975]
const 0.7190 0.280 2.569 0.236 -2.837 4.275
#Com -0.0004 0.000 -1.130 0.461 -0.004 0.004
Turnover -0.0333 0.065 -0.516 0.697 -0.854 0.787
Fee -9.076e-05 6.01le-05 -1.511 0.372 -0.001 0.001
DA -0.1637 0.149 -1.102 0.469 -2.052 1.724
Profit 0.3721 0.372 1.001 0.500 -4.351 5.095
Year 0.0015 0.009 0.167 0.894 -0.115 0.118
MainCap -0.0001 5.62e-05 -2.564 0.237 -0.001 0.001
Cap -8.168e-06 2.16e-05 -0.379 0.770 -0.000 0.000
Omnibus: 9.039 Durbin-Watson: 3.016
Prob(Omnibus): 0.011 Jarque-Bera (JB): 3.584
Skew: -1.120 Prob(JB): 0.167
Kurtosis: 4.894 Cond. No. 3.11le+05
Notes:

[1] Standard Errors assume that the covariance matrix of the errors is correctly specified.
[2] The condition number is large, 3.1le+05. This might indicate that there are
strong multicollinearity or other numerical problems.
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OLS Regression Results

Dep. Variable: SME /GDP R-squared (uncentered): 0.998
Model: OLS Adj. R-squared (uncentered): 0.978
Method: Least Squares F-statistic: 50.09
Date: Sun, 09 Apr 2023 Prob (F-statistic): 0.109
Time: 21:42:27 Log-Likelihood: -19.904
No. Observations: 9 AIC: 55.81
Df Residuals: 1 BIC: 57.39
Df Model: 8

Covariance Type: nonrobust

#Com -0.2034 0.035 -5.889 0.107 -0.642 0.235
Turnover -0.0554 0.100 -0.552 0.679 -1.331 1.220
Fee -6.7136 2.304 -2.914 0.210 -35.987 22.560
DA -1.1420 11.508 -0.099 0.937 -147.363 145.079
Profit -44.8770 24.724 -1.815 0.321 -359.022 269.268
Year 3.4389 0.662 5.195 0.121 -4.973 11.851
MainCap -2.3344 2.026 -1.152 0.455 -28.081 23.412
Cap 13.7390 2.800 4.907 0.128 -21.834 49.312
Omnibus: 0.555 Durbin-Watson: 1.316
Prob(Omnibus): 0.758 Jarque-Bera (JB): 0.528
Skew: -0.236 Prob(JB): 0.768
Kurtosis 1.912 Cond. No. 2.57e+03
Notes:

[1] R2 is computed without centering (uncentered) since the model does not contain a constant.
[2] Standard Errors assume that the covariance matrix of the errors is correctly specified.
[3] The condition number is large, 2.57e+03. This might indicate that there are

strong multicollinearity or other numerical problems.

MAE 52.57548115621131 MSE 2764.181218807131 RMSE 52.57548115621131 Var 0.0
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Key Market Statistics and Performance (mai) as of 20/10/2022

Market Cap. (M.Baht) 563,041.10 Index Performance
@over Ratio (YTD) (%) 149.36 %Change Last 3 Months +12.83%
P/E (times)** T T 58.32 %Change Last 6 Months -5.78%
P/BV (times) 3.32 %Change YTD (Year to Date) +10.96%
Market Yield (%) 1.08
Remark
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#Com Turnover Fee DA Profit Year MainCap Cap SME/GDP

Country
Thailand 235 1.493600 1954 1 1 23 539.33 14818.400 0.450
India 405 0.963000 604 1 0 10 0.95 7562.770 0.270
Malaysia 43 0.020000 1266 1 0 5 373.45 992.190 0.374
Mauritius 42 0.029000 3300 0 0 11 7.94 170.760 0.420
Jamaica 41 0.882677 1524 1 0 15 31.15 52.590 0.400
Nigeria 6 0.030000 570 1 0 13 9.59 39.300 0.480
Ghana 6 0.024210 0 1 0 15 7.49 3.435 0.600
Poland 379 0.093907 1480 1 0 15 245.15  3027.070 0.250
South Africa 44 0.212000 2168 0 0 19 1235.82 1005.000 0.340
China 110 0.591000 0 1 1 1 389.64 26400.000 0.600




